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Combined data-driven and physics-based modeling platform to derisk protein formulation
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Case study 1: Monoclonal antibody (mAbs 1-3)
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Case study 2: Therapeutic protein (Granulocyte colony-stimulating factor, G-CSF)

Physico-chemical outlier detection based on sequence- and structure-based descriptors (red flag warnings)
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Take home messages

v Avoiding costly late-stage drug development failures through early risk mitigation by performing formulatability assessment
v Physics-based and data-driven simulations (in silico) can save valuable time and material during formulatability assessment
v Although in silico models are becoming more advanced, also for non-mAb proteins, a combination with comprehensive analytical characterization is recommended
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